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Abstract  This study sought to investigate the determinants of Chinese OFDI flow to African countries. We conducted 

panel data analysis for 36 countries covering the period between 2003 and 2017. We began by running a static Fixed Effects 

(FE) model and ended up with a dynamic model that was estimated using Least Squares Dummy Variables. It was found that, 

the Chinese OFDI flow to Africa are mainly due to natural resources, market size, agglomeration economies, infrastructure 

and Chinese FDI received in the past year. Also, it was found out that, host country institutional quality (especially control of 

Corruption and rule of law), economic instability (inflation) and trade openness have no influence on Chinese OFDI flow to 

Africa. Finally we provided policy recommendations for African governments. 
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1. Introduction 

Historically the People’s Republic of China has not been 

investing overseas. However, in the last two decades China’s 

phenomenal growth rate of her economy has made the 

country rise to the world leadership status, and expansion of 

her investment to different parts of the world including 

Africa [1]. China’s Outward FDI was zero by the time it 

began to open up her economy in 1978, but she has been 

attracting FDI from practically the rest of the world to 

become among the most successful FDI destinations in the 

world by early 1990s. The country’s annual FDI outflow 

grew from virtually zero in 1979 to US$ 628 million in 1985, 

and to US$913 in 1991 and shot up to 4 billion in 1992 when 

their prominent leader, Deng Xiaoping, reaffirmed China’s 

commitment to its reform and open-door policy [2]. 

By the end of 1996 China’s outward FDI stock was over 

US$ 18 billion, surpassing that of South Korea (US$ 13.8 

billion) and Brazil (US$7.4 billion). However, from the late 

1990s there has been a significant shift of this trend, a 

number of Chinese companies internationalized and began to 

invest abroad. For example, in 2010 investors looking for 

overseas deals and based in China and Hong Kong accounted 

for a tenth of global value, including take overs such as 

Zhejiang Geely Holding Group’s purchase of Ford Motors 

Volvo unit (Salidjanova, 2015). By 2014, China spearheaded  
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the BRICS Development Bank, The Asia Infrastructure 

Investment Bank (AIIB) and the Silk Road Fund, entailing 

China’s growing influence in development finance [4].  

According to China’s Ministry of commerce [5] China’s 

outward Foreign Direct Investment is largely concentrated in 

other Asian countries (particularly Hongkong) and, recently, 

investment has remarkably increased in Latin America and 

Africa. For the purpose of this study Chinese OFDI flow to 

Africa will be analyzed.  

2. Brief Literature Review 

China’s increased interest to invest in Africa has increased 

so much in the recent years. As supported by literature, since 

China began to invest abroad, the major motive was 

natural-resource seeking following the country’s remarkable 

economic growth in the past decade (OECD, 2008). The 

economic growth has been so intensive, requiring huge 

amounts of natural resources including land, forest, water 

and oil. Although China is well endowed with natural 

resources her natural resource per capita is very low, hence 

the government has explicitly identified natural resource 

acquisition as a key strategic objective of internationalization 

and even offer direct state aid towards this motive [7].  

Another important motive of going to invest in Africa is 

Market-seeking. Although some scholars have indicated 

resource seeking as China’s main interest to invest in Africa, 

with China’s energy sector state-owned enterprises taking 

the lead, the desire to benefit from commercial opportunities 

by the expanding trade into African large markets plays an 

important role as the determinant of Chinese OFDI [8]. 

Between 1980s and 1990s the market-seeking motive is said 

to have been dominated by a support function of Chinese 
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domestic enterprises as OFDIs were designed to help 

Chinese firms familiarize themselves with international 

market behavior and requirements and facilitate exports of 

their domestic firms [9], [10]. 

The need for natural resources cannot be overemphasized 

for Chinese MNEs going global, especially to Africa. 

Although China features as one of the major oil producers, it 

can produce less than half its domestic needs for oil [8]. This 

is coupled with the increased demand for aluminum, copper, 

nickel, iron ore, timber and other commodities [11]. On the 

other hand, Africa is well endowed with natural resources, 

possessing about 7.8 percent of the known global oil reserves 

as of 2012 [12]. 

The China-SSA trade composition, for example,    

shows that SSA imports a wide variety of consumer and 

capital goods, while overwhelmingly exporting primary 

commodities, especially oil, minerals, and other natural 

resources [13]. All these have made China hold a high 

position in the Africa’s resource sector [8]. 

The aspect of efficiency-seeking poses some doubtful 

justification. Chinese OFDI flow to Africa is not motivated 

by efficiency-seeking through cost reduction, since most 

Chinese companies have cost advantages in China. Also, 

should the cost increase along the coast areas, they could as 

well relocate to the hinterland [14]. 

Furthermore, the strategic asset-seeking poses a weaker 

reason for the Chinese OFDI flow to Africa. Literature 

shows that, for about a decade or so, some Chinese 

companies have sought to gain a greater edge through 

acquisition of strategic assets such as branding, marketing 

know-how, and managerial competences. In most cases, this 

is well justified in their motives to go the developed markets 

as they seek internationally recognized trade marks [15]. The 

empirical literature offers little evidence on this as far as the 

Chinese motives of going to Africa are concerned.  

3. Methodology 

In this study we used the panel data model. This is because 

panel datasets have considerable benefits over simple 

cross-section or time-series data as they can give more 

accurate inference of model parameters. Panel data usually 

contain more degrees of freedom and more sample 

variability than cross-sectional data. Also, panel data has 

greater capacity for capturing the complexity of human 

behavior than a single cross-section or time-series data. The 

other advantage of panel data is that they allow for the 

formulation of more complex hypotheses than would 

otherwise be in the case of only time series, or 

cross-sectional analysis [16].  

3.1. Data Sources 

The annual data on Chinese Outward FDI flow to Africa 

shall be used covering the period between 2003 and 2017. 

All Data for this study shall be secondary data from various 

credible sources including World Bank Development 

Indicators (2018), the China’s Ministry of Commerce 

(MOFCOM); World Statistics Year Book, UNCTAD, WTO, 

IMF and some specific information was obtained in some 

respective countries’ credible sources of data. 

Table 1.  Main Variables 

Variable Proxy Source 

Chinese outward 

FDI 
Annual inflow of Chinese FDI 

UNCTAD, 

MOFCOM 

Market size 
Host country GDP divided by 

its total population (PGDP) 
WB, WDI 

Infrastructure 
Mobile phone subscription per 

100 people (INFR) 
WB, WDI 

Economic 

Instability 
Rate of Inflation (INFL) IMF 

Natural Resources 

Mineral and fuel export as a 

percentage of total export 

(NAT) 

WB, WDI 

Institutions Control of Corruption (CC) WB, WGI 

Economic 

liberalization 

(Openness to trade) 

Import and export as 

percentage of GDP (TRD) 
WB, WDI 

Agglomeration 

Economies 
Urbanization rate (URB) WB, WDI 

Source: Compiled by Author.  

3.2. Econometric Model Specification 

In this study we estimated Chinese Outward FDI flow to 

African countries in terms of GDP per capita, mobile phone 

subscription per 100 people, inflation rate, openness to trade 

(imports and exports as a percentage of GDP), Natural 

resources, Institutional Quality and urbanization. We used 

annual time series data for 36 countries in Africa. 

The independent variables were chosen based on the 

conventional theory of FDI. The variables cover the theory 

of FDI as consisting of market size, infrastructure, economic 

environment, labor market, economic policy, international 

economic relationships and political stability. We took the 

Chinese outward FDI flow to Africa covering the period 

from 2003 to 2017. 

In this study we estimated a static model (FE) that was 

based on the following equation: 

𝑙𝑛𝑂𝐹𝐷𝐼𝑖𝑡 = ⍺ + β1𝑙𝑛𝑃𝐺𝐷𝑃it + β2𝑙𝑛INFR + β3𝑙𝑛INFLit +
β4𝑙𝑛𝑁𝐴𝑇it + β5𝑙𝑛𝐶𝐶it + β6𝑙𝑛𝑇𝑅𝐷it + β7𝑙𝑛𝑈𝑅𝐵it + υit  (1) 

Where: i denotes an individual country; t denotes time 

period (that is, years from 2003 to 2017); OFDI denotes 

Chinese Outward Foreign Direct Investment; PGDP denotes 

Gross domestic product per capita; INFR denotes 

infrastructure; INFL denotes Inflation; NAT denotes Natural 

resources; CC denotes control of corruption; TRD denotes 

openness to trade, and URB denotes urbanization. The     

⍺ denotes the common intercept (the same for all 

cross-sectional countries and over time). The 𝛖it is the 

residual term for country i at time t.  

The estimated econometric model was used to test the 

hypotheses about individual relationships of the independent 
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variables (PGDP, INFR, INFL, NAT, CC, TRD, and URB) 

and the Chinese outward FDI flow to Africa.  

3.3. The Dynamic Panel Data Model 

In this section the FDI model (1) will further be 

re-specified as a dynamic panel data model that was 

subsequently estimated using the annual data on Chinese 

outward FDI flow from 2003 through 2017 for the 36 

selected African countries. The lagged dependent variable 

was included on the right hand side of the equation together 

with the other independent variables. We used the Least 

Squares Dummy Variables to estimate the dynamic panel 

data model which is as specified in equation 2 below: 

𝑙𝑛𝑂𝐹𝐷𝐼𝑖𝑡 = ⍺i + 𝜆it + 𝑙𝑛𝑂𝐹𝐷𝐼𝑖𝑡−1 + β
1
𝑙𝑛𝑃𝐺𝐷𝑃it +

β
2
𝑙𝑛INFR + β

3
𝑙𝑛INFLit + β

4
𝑙𝑛𝑁𝐴𝑇it + β

5
𝑙𝑛𝐶𝐶it +

β
6
𝑙𝑛𝑇𝑅𝐷it + β

7
𝑙𝑛𝑈𝑅𝐵it + υit                    (2) 

Where: i refers to the individual country; t denotes years 

(2003 to 2017); OFDIit denotes the dependent variable,  

that is, Chinese Outward Foreign Direct Investment. The 

independent variables are lagged Chinese OFDI (OFDIit-1); 

Gross domestic product per capita (PGDP); Infrastructure 

(INF), Inflation (INFL), Natural resources (NAT); Control  

of Corruption (CC); Openness to Trade (TRD); and 

urbanization rate (URB). The ⍺i is the individual country 

effect (specific to the individual cross-sectional country i); 

and the λt is the country invariant time effect; and 𝛖it is the 

residual term for country i at time t.  

All the variables in the model were transformed into 

logarithmic form because conventionally FDI, as a flow 

variable, is modeled by gravity model which is usually 

specified as double log model.  

3.4. Methods of Analysis 

The preliminary analysis involved examining the 

descriptive statistics of all the variables included in the 

model. The results of descriptive statistics are presented in 

table 2. The descriptive statistics bears a summary of the 

mean, median, standard deviation, skewness, kurtosis and 

the distribution of the series. The preliminary analysis 

provided a foundation from which we could proceed with the 

detailed analysis using econometric regression models. 

Econometric analysis was the main approach that was used 

to identify the variables that were significant as determinants 

of Chinese outward FDI flow to Africa. In carrying out panel 

data regression, a couple of models was used, namely, the 

static panel data model, and the dynamic panel data model.  

Table 2.  Descriptive Statistics 

Panel A Descriptive Statistics 

 
LNFDI LNPGDP LNINFR LNINFL LNNAT LNCC LNTRD LNURB 

Mean 4.3472 7.2335 3.5682 4.3654 1.2634 0.2961 4.2449 3.6388 

Median 4.4218 7.0929 3.9194 4.3631 1.5578 0.3134 4.2379 3.7243 

Maximum 8.9190 9.4611 5.1744 5.4381 4.4540 4.4132 5.4162 4.4421 

Minimum -4.6052 5.3592 -0.4296 -1.2040 -8.7557 -0.6032 3.0312 2.1870 

Std. Dev. 2.1297 1.0555 1.1957 0.2708 2.3902 0.4430 0.3983 0.4685 

Skewness -0.5121 0.3508 -1.1335 -17.5777 -1.0515 1.5563 0.1253 -0.9159 

Kurtosis 3.5901 2.0493 3.5586 366.7952 4.1852 16.8235 2.9531 3.3928 

         
Jaque-Bera 28.5866 28.5619 111.5325 2,732,883.0000 119.2087 4,107.5600 1.3292 71.8111 

Probability 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.5145 0.0000 

         
Sum 2,134.4620 3,551.6310 1,752.0030 2,143.4070 620.3328 145.3741 2,084,252.00 1,786.6300 

Sum. Sq.Dev 2,222.3940 545.8476 700.6006 35.9271 2,799.4450 96.1795 77.7315 107.5576 

Observation 491.0000 491.0000 491.0000 491.0000 491.0000 491.0000 491.0000 491.0000 

Panel B Correlation 

 
LNFDI LNPGDP LNINFR LNINFL LNNAT LNCC LNTRD LNURB 

LNFDI 1.0000 0.2610 0.5950 0.0212 0.1055 -0.0638 0.0534 0.2917 

LNPGDP 0.2610 1.0000 -0.5661 -0.0027 -0.3433 0.3781 0.5007 0.7625 

LNINFR 0.5950 0.5612 1.0000 -0.0077 -0.1091 0.2101 0.4191 0.5326 

LNINFL 0.0212 -0.0027 -0.0077 1.0000 -0.0045 0.0374 -0.0303 -0.0396 

LNNAT 0.1055 -0.3433 -0.1091 -0.0045 1.0000 0.1067 -0.2027 -0.2277 

LNCC -0.0638 0.3781 0.2101 0.0374 0.1067 1.0000 0.2443 0.1596 

LNTRD 0.0534 0.5007 0.4191 -0.0303 -0.2027 0.2443 1.0000 0.4936 

LNURB 0.2917 0.7625 0.5326 -0.0396 -0.2277 0.1596 0.4936 1.0000 

Source: Computed by author 
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The static panel data model involved choosing between 

the two main types that were tested, namely, the fixed effects 

model and the random effects model. The decision regarding 

which of the two models was made by using the Hausman 

test [17]. So the fixed effects model was chosen. After 

running the fixed effects model, based on the Durbin Watson 

test statistic, the dynamic model was chosen.  

Finally, in order to get a better understanding of the 

strength of exogeneity between the proposed variables 

robustness tests were carried out. Also further tests were 

carried out that helped to determine whether there was 

reverse causality or endogeneity problem in the model.  

For robustness testing all the independent variables were 

lagged by a year. One year lag was chosen since it was the 

optimal number of lag that produced the best results. 

4. Results and Discussions 

4.1. Descriptive Statistics 

Descriptive statistics serves the purpose of describing or 

summarizing data in a quick and meaningful way. It allows a 

simpler interpretation of the data as it clearly shows the 

distribution or spread of the data. However, descriptive 

statistics could not be used to draw conclusions beyond the 

analyzed data.  

Therefore, the descriptive statistics provided descriptive 

information regarding outward Chinese FDI, market size 

(GDP per capita) of the selected host countries for the 

Chinese FDI, Infrastructure (mobile cellular subscription 

rate per 100 persons), Economic instability (inflation rate), 

Economic liberalization (openness to trade), Institutional 

quality (control of Corruption), natural resources, and 

urbanization. The values used were mean, standard deviation, 

minimum and maximum as well as the number of 

observations for each variable. A summary of descriptive 

statistics is presented in table 2. 

The results in panel A (Table 2) show that natural 

resources was the most volatile variable with a standard 

deviation of 2.39, followed by the Chinese OFDI, 

infrastructure, market size (PGDP), Urbanization, 

Corruption Control, Openness to trade, and inflation 

respectively. 

The other important set of interest is skewness and 

kurtosis, as well as Jaque-bera test for normality of the 

variables. These show that our data are not normally 

distributed. This information is important since it depicts a 

quick picture of the characteristics of the variables that were 

analyzed in the study. 

Panel B of the descriptive statistics (table 2) shows the 

degree of correlation of the variables. As it is depicted there 

is positive correlation between Chinese OFDI and most    

of the independent variables. Only control of corruption 

shows a negative correlation with Chinese OFDI. However, 

although this information gives a good preliminary analysis 

about the interaction of our variables, we cannot ascertain 

any causation at this level since correlation does not 

necessarily imply causation. 

4.2. The Static Model 

In our analysis we first had to choose between random 

effects and fixed effects model as our statistic model for 

analysis. As explained in the methodology section, the fixed 

effects model seeks to establish the hypothesis that there are 

constant individual effects over time, while random affects 

model is based on the assumption that the individual effects 

are determined at random.  

In order to ascertain which of the two models was 

appropriate we had to conduct the Hausman test [17]. 

Therefore the null hypothesis was that the individual effects 

are not correlated with the other repressors in our model; 

otherwise (if they are correlated with the explanatory 

variables) the random effects will produce biased estimates, 

hence a fixed effects model would be preferred [18]. The 

Hausman Test results are presented in table 3. 

As depicted in table 3, the Hausman test results show that 

the p-value is significant (0.0000). Therefore, we have a 

compelling reason to conclude that the fixed effects model is 

appropriate for our study. 

Table 3.  Hausman Test Summary results 

Test Summary 
Chi-Square 

Statistic 

Degrees of 

feedom 
p-value 

Cross-section random 172.239083 7 0.0000 

Source: Computed by author 

Table 4.  Static Model Results (FE) 

Dependent variable LNFDI 

Variable Coefficient Std. Error t-stat P-value 

C -50.195*** 3.7140 -13.5154 0.0000 

LNPGDP 3.6575*** 0.4012 9.1162 0.0000 

LNINFR 0.7292*** 0.0543 13.4195 0.0000 

LNINFL 0.1206 0.1247 0.9672 0.3339 

LNNAT 0.0173 0.0369 0.4689 0.6394 

LNCC -0.3603** 0.1533 -2.3495 0.0192 

LNTRD -0.0373 0.2116 0.1765 0.8600 

LNURB 6.8387*** 0.8082 8.4617 0.0000 

     
Adjusted R² 0.8961 

   
D.W. Stat 0.6859 

   
S.E of Regression 0.7178 

   
F-Statistic 92.0445 

   
Prob (F-stat) 0.0000 

   

***, **, * denote Significant p-values at 1%, 5% and 10% respectively. 

Source: Computed by author. 

The fixed effects model is used to test the annual data in 

which the panel dataset consists of 36 African countries 

covering the period from 2003 to 2017. These countries were 

chosen based on data availability; very few missing data 

points were filled in using interpolation by Eveiews-10 
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software. The results of static panel data analysis, with fixed 

effects model, are as summarized in table 4. 

The unlagged results (table 4) show that there is a positive 

relationship between market size and Chinese FDI. Market 

size (represented by per capita GDP) is a significant 

determinant of Chinese FDI in African countries. A one 

percent increase in GDP per capita leads to an increase of 

Chinese OFDI flow to Africa by 3.66 percent (at one percent 

level of significance). Also the table shows a positive 

relationship between Chinese FDI and infrastructure. A one 

percent increase in the level of infrastructure leads to about 

0.73 percent increase in Chinese OFDI inflow into African 

countries (at one percent significance level). Moreover, there 

is a positive relationship between urbanization and Chinese 

OFDI in Africa. A one percent increase in urbanization leads 

to an increase of Chinese OFDI flow to Africa by 6.8 percent 

(significant at one percent). 

However, control of corruption has a negative effect to 

Chinese OFDI flow to Africa. As depicted in the results 

(table 8) a one percent increase of corruption control will 

lead to a decrease in Chinese OFDI flow to Africa by 0.36 

percent (significant at five percent level).  

The static model shows that economic instability 

(inflation), availability of natural resources and openness to 

trade have no significant influence on Chinese FDI flow to 

Africa. This is intriguing because, according to conventional 

economic theory, foreign investors take the economic system 

of a host country into account in making their investment 

decisions. 

In regard to natural resources, the static model results 

would imply that most Chinese investors are not 

resource-seeking in Africa, contrary to the majority of 

empirical literature on the determinants of Chinese OFDI 

flow to Africa.  

When we tested for serial correlation in our regression 

estimation results, we found that the Durbin Watson Statistic 

read 0.686. This statistic reading is way below 2; hence it 

obviously implied the presence of serial correlation. 

This calls for a dynamic panel data model. More so, the 

theory behind this decision is that majority of capital 

investments are irreversible and tend to wait for better 

information [19]. 

4.3. Dynamic Panel Data Model Regression Results 

The results for the dynamic panel data model when FDI is 

lagged by one; two and three years respectively are presented 

in table 5. When we compared the Durbin Watson statistics 

of the three models, the most preferred model was found to 

be the one whose dependent variable was lagged by one year 

as an independent variable. When Chinese OFDI was lagged 

by one year, the D.W= 1.76. Since the D.W value of this 

model was closer to 2 compared to the other two models, we 

therefore concluded that this model suffers the least from 

serial correlation. In addition, in the one year lagged model, 

the adjusted R squared was the highest (about 95 percent) 

and the standard error of the regression was 0.50. 

Table 5.  Dynamic Panel Data Model Results (LSDV) 

Dependent variable (LNFDI) 

Variable One Year Lag Two Year Lag Three Year Lag 

C -13.30309*** -21.32148*** -28.43857*** 

 
(3.301691) (3.974232) (4.242758) 

LNFDI(lagged) 0.641722*** 0.418456*** 0.264809*** 

 
(0.032969) (0.036322) (0.034788) 

LNPGDP 1.076739** 1.857806*** 2.395081*** 

 
(0.332672) (0.388447) (0.405486) 

LNINFR 0.202602*** 0.367766*** 0.502056*** 

 
(0.050767) (0.066246) (0.081986) 

LNINFL 0.020615 0.070112 0.086390 

 
(0.082909) (0.093061) (0.092595) 

LNNAT 0.080482** 0.078492** 0.069458** 

 
(0.025837) (0.029691) (0.030772) 

LNCC -0.082018 -0.199204 0.057483 

 
(0.218593) (0.254565) (0.275095) 

LNTRD 0.059071 -0.052830 -0.094518 

 
(0.147181) (0.166475) (0.171553) 

LNURB 1.691204** 2.553890** 3.505856*** 

 
(0.679562) (0.833716) (0.918429) 

    
Adjusted R² 0.949271 0.924540 0.916821 

S.E. of Reg. 0.504408 0.517452 0.512029 

Prob (F-stat) 0.000000 0.000000 0.000000 

D.W 1.764062 1.108696 0.876021 

Standard errors in the parentheses. 

***, **, * denote significant p-values at 1%, 5% and 10% respectively. 

After the dependent variable (Chinese FDI) was lagged by 

two years, the Durbin Watson statistic read about 1.11 and its 

adjusted R squared was 92 percent. The D.W value indicates 

presence of serial correlation in this model, also the standard 

error term of the regression was slightly bigger (0.51) than 

that of the model whose FDI was lagged by one year. Finally, 

when the Chinese FDI was lagged by three years, the Durbin 

Watson statistic was 0.88, similarly indicating presence of 

positive serial correlation. The standard error term of the 

regression read 0.51 (bigger than the one year lagged model) 

and its adjusted R Squared was about 91.6 percent (relatively 

smaller than the one year lagged model). 

5. Discussions 

The main purpose of this study was to investigate the 

factors that determine Chinese OFDI flow to African 

countries. After estimating the unlagged model and finding 

the presence of serial correlation, we estimated three 

different dynamic panel data models from which we found 

the one year lagged model to be the best model for our study. 

The dynamic panel data model contained Chinese FDI 

(one year lag) as one of the explanatory variables. Other 

explanatory variables that were included in the model are 

natural resources, market size (proxied by GDP per capita), 
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infrastructure (proxied by mobile phone subscription per  

100 people), economic stability (proxied by inflation), 

institutions (control of corruption), economic liberalization 

(openness to trade), and agglomeration economies (proxied 

by urbanization). 

Based on theoretical knowledge as well as empirical 

literature, resource-seeking MNEs tend to flock to countries 

where there is abundance of natural resources. In this study 

we used “minerals and fuel export as percentage of total 

export” as the proxy for natural resources in accordance with 

the UNCTAD’s approach.  

The dynamic panel data model results show that, as 

expected in our study hypothesis, there is a positive and 

significant relationship between availability of natural 

resources in African countries and the Chinese OFDI flow to 

the African countries. Specifically, a one percent increase in 

African natural resources leads to an increase in Chinese 

OFDI flow to the countries by 0.08 percent (significant at 

one percent). Therefore, there is a compelling reason to 

assert that natural resources positively and significantly 

affect Chinese OFDI flow to African countries.  

As noted earlier, China’s surge of industrial production 

goes in tandem with the increased demand for natural 

resources (energy, minerals, timber, and much more) and it 

produces less natural resources than what it actually requires 

domestically [6], [8]. In the interim, as per 2012 statistics, 

Africa possesses about 7.8 percent of the known global oil 

reserves as well as vast deposits of minerals and renewable 

natural resources [11], [12]. So Africa has become a good 

destination for Chinese OFDI flow to tap the highly 

demanded natural resources for their home-based 

manufacturing industries. In 2012, for example, natural 

resources accounted for about 66 percent of Africa’s export 

to China; China has become the biggest developing country 

investor in Africa [20]. 

These findings are consistent with the findings obtained 

by many scholars who carried out econometric analyses on 

the determinants of Chinese OFDI flow to Africa [21], [23]. 

On the contrary, the research that was carried out by such 

earlier scholars as Yin-Wong Cheung and Xing Wang Qian 

found no substantial evidence that China invests in African 

and other oil-producing countries mainly for their natural 

resources [24].  

Bringing it all together, the study findings are in 

agreement with the majority of scholars than the contrary. 

Furthermore, these findings support the conventional 

Heckscher-Ohlin trade theory whereby Africa highly exports 

natural resources where it has a comparative advantage, and 

in turn it imports the labor intensive manufactured goods 

from China.  

In addition, having been armed with both theoretical and 

empirical literature in regard to market size, we expected that 

the results of this study would find a positive and significant 

relationship between market size (GDP per capita) and 

Chinese FDI flow to African countries. Consequently, as 

expected, our study findings support the hypothesis that 

market size positively and significantly affects Chinese 

OFDI flow to African countries.  

According to the dynamic panel data model results, a one 

percent increase in market size (GDP per capita) of the 

African countries will lead to an increase in Chinese OFDI 

flow to these countries by 1.08 percent (significant at one 

percent). Chinese OFDI flow to Africa is influenced by the 

economic growth of these countries that is why there is 

increasing Chinese OFDI flow even in resource-poor African 

countries. For example, Ethiopia which is considered 

resource-poor, but has an average GDP growth above the 

continent’s average has experienced a surge of Chinese 

OFDI flow in recent years. This is also pertinent when one 

attempts to compare the amount of Chinese OFDI against 

GDP per capita among the African countries. It is evident 

that South Africa which had the highest GDP per capita 

(7583.59 US Dollars) had the highest inflow of Chinese FDI 

(5954.02 million US Dollars).  

The findings that market size influences positively the 

Chinese OFDI flow to African countries are in line with the 

findings of a similar study that was conducted in Africa [23]. 

Quintessentially, the findings are in accordance with the 

market-seeking FDI theory as well as the empirical studies 

on the locational determinants of FDI [25], [26].  

In regard to infrastructure, theoretical literature shows that, 

infrastructure facilities have a positive influence on foreign 

direct investment. In testing for this variable we took  

mobile phone subscription per 100 people as a proxy for 

infrastructure. According to the dynamic panel data results it 

was found that infrastructure has a positive and significant 

relationship with Chinese OFDI flow to the African host 

countries. This implies that when infrastructure improves, 

the amount of Chinese OFDI flow into the African countries 

will increase. Specifically, as depicted in the dynamic panel 

data model estimation results, a one percent increase in the 

level of infrastructure leads to about 0.20 percent increase in 

Chinese OFDI flow to the African countries.  

These results support the hypothesis that infrastructure 

facilities affect positively Chinese OFDI flow to African 

countries. This is due to the fact that countries which have 

infrastructure facilities are considered to be in a better 

position to make it easier for investors to do business hence 

maximizing their returns on investments. Meanwhile, 

Chinese OFDI flow to Africa is also found in the large scale 

infrastructure projects. This implies that the ongoing 

infrastructure projects also play an important role in 

attracting Chinese OFDI to Africa; in most cases, they are 

the ones who win and implement such mega projects on the 

continent. For example, in January, 2015, China entered a 

Memorandum of Understanding (MOU) with the African 

Union (AU) to construct and improve road, rail and air 

transportation links in Africa [27]. 

The findings that infrastructure facilities influence 

Chinese OFDI flow to Africa are similar to the findings  

that were obtained by some previous scholars [28], [30]. 

However, these findings are contrary to findings by Onyiewu 

and Shrestha who found that the relationship between 

infrastructure and FDI for Sub Sahara African countries is 
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insignificant [31]. 

Furthermore, economic theory posits that economic 

stability attracts FDI since Multinational enterprises tend to 

invest in countries which have stable economic systems. For 

this study we used inflation as a proxy for economic stability 

since high inflation reflects economic instability of the host 

country. High inflation rates tend to distort economic 

activities and affect profitability as higher prices can lead to 

increased costs and lower profits hence discouraging 

market-seeking FDI inflow to a host country. The study 

findings showed that, inflation had positive relationship with 

Chinese FDI flow to African countries. These findings are 

against the economic theory; however, the relationship 

between inflation and Chinese OFDI flow to African 

countries, according to the study findings, was not 

significant.  

More so, Quality of Institutions is an important 

determinant of FDI flow to a host country [32]. Multinational 

companies prefer investing in countries with high 

institutional quality; hence host countries whose institutions 

practice good governance tend to attract more FDI. Also, a 

stable legal system and low corruption have a positive effect 

on FDI flows into a country [33].  

In this study we used control of corruption as a proxy for 

institutional quality in African countries. The study findings 

show that control of corruption has a negative relationship 

with inflow of Chinese FDI to the African countries; hence 

do not support the hypothesis that, Control of Corruption 

positively and significantly affects Chinese OFDI flow to 

African countries. A one percent increase in the level of 

corruption control in African countries leads to about 0.08 

percent decrease in Chinese OFDI flow to these countries. 

This finding is contrary to the findings by some earlier 

scholars [32], [34], [36]. However, the relationship between 

control of corruption and Chinese OFDI in Africa, according 

to the study, is not significant. 

Furthermore, there are some empirical studies which 

obtained somewhat similar results to our stated hypothesis as 

they found out that, Control of corruption deters Chinese FDI 

flow to the African countries [33], [37], [39]. Similarly, a 

study that covered MENA countries found, among other 

factors, that Chinese OFDI in Africa is attracted by poor 

governance [40], [41]. It is important, however, to reiterate 

that the study found insignificant results between control of 

corruption and Chinese OFDI flow to Africa. 

In regard to economic liberalization, the findings do not 

support the hypothesis that openness to trade positively and 

significantly affects Chinese OFDI flow to African countries. 

Particularly, as the results indicate, a one percent rise in trade 

openness for the African countries leads to 0.59 percent 

increase in Chinese FDI. This could be the result of trade 

liberalization policies adopted by many African countries, 

especially after 1980s following the conditions from the 

World Bank and IMF Stuructural Adjustment Programs 

(SAPs). However, the relationship, according to the study, is 

not significant. 

These results are also inconsistent with the findings of 

some earlier studies on host country determinants of Chinese 

OFDI [42]. This is particularly true for the vertical (or 

export-oriented) FDI and do not support the evidence of 

earlier studies on the determinants of FDI in developing 

countries generally [29], [43], [45].  

Furthermore, economic theory expounds that, 

agglomeration economies are an important location 

determinant for outward FDI. Empirical Literature shows a 

strong evidence of positive spillovers between firms as a 

result of agglomeration economies. Ideally, investors prefer 

to locate their businesses in spatially defined locations since 

such areas attract and facilitate them and other entrepreneurs 

as well as skilled labor and other resources that can take 

advantage of the opportunities that other entrepreneurs  

create [46], [47]. This is particularly true in cases where 

agglomeration is accompanied by absence of entry barrier 

and a great deal of enterprise diversification and industrial 

clusters [48]. It is also noteworthy that agglomeration 

diseconomies may result if the degree of agglomeration is 

too high [49]. 

In this study we have used two aspects to explain 

agglomeration economies, namely, lagged Chinese OFDI 

and urbanization rate. Both lagged Chinese FDI and 

urbanization rate have positive and significant relationship 

with the current Chinese OFDI flow to Africa. As shown 

from the dynamic panel data results (table 5), a one percent 

increase in agglomeration economies (proxied by 

urbanization) leads to an increase in Chinese OFDI flow to 

Africa by about 1.69 percent (significant at five percent). In 

the interim, a one percent rise in Chinese OFDI flow to 

Africa a year ago, leads to about 0.64 percent increase in 

Chinese OFDI to African countries in the current year. 

Therefore, our study findings support the hypothesis that, 

agglomeration economies positively and significantly affect 

Chinese OFDI in African countries. These empirical findings 

are consistent with the findings obtained by an earlier study 

which demonstrated a positive and significant relationship 

between domestic investment and the urbanization rate; 

when the latter associated with the creation of urban clusters, 

transport corridors and the necessary infrastructure tend to 

attract FDI in Africa [42], [50], [51]. Furthermore, a bunch of 

scholars argue that the implications of including lagged FDI 

stock generates positive feedback, and externalities so that 

further investments would be self-reinforced; also it is 

associated with an adjustment process; and helps to calculate 

unobservable equilibrium stock [51]. Arguably, the practice 

of the Chinese investors going to invest in locations where 

other Chinese investors are already there helps them to adjust 

with the liability of foreignness.  

In order to test robustness of the model, we first added 

population and found the same results. In another 

development we removed the variable “inflation” since some 

countries (especially Zimbabwe), had hyper inflation but the 

results did not change. Also when control of corruption was 

replaced with rule of law (as proxy for institutional quality) 

the results were still the same. While the main results are 

parsimoniously reported in the text, the robust results are 
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presented in the appendix section. 

6. Conclusions and Policy Implications 

This study aimed at analyzing the determinants of Chinese 

OFDI flow to African countries. The static regression model 

was an important part of the initial analysis of the empirical 

results. The main findings, however, were based on the 

dynamic panel data model. 

According to the results, the determinants of Chinese 

OFDI flow to African countries are mainly natural resources, 

market size, agglomeration economies (urbanization as well 

as previous Chinese OFDI), as well as infrastructure. On the 

other hand, economic instability (Inflation) and openness to 

trade do not have a significant influence on Chinese OFDI 

flow to Africa. 

In addition, there is a bidirectional relationship running 

between Chinese OFDI flow and market size (that is, GDP 

per capita). Also, a bidirectional relationship was apparent 

between Chinese OFDI and urbanization. This, in economic 

theory, is characteristic of market-seeking FDI. On the other 

hand, there was unidirectional relationship running from 

infrastructure, and natural resources to Chinese OFDI flow 

to Africa respectively. No relationship was established for 

the rest of the independent variables and Chinese OFDI flow 

to Africa. By and large, FDI was exogenously weak.  

Furthermore, it was found that Chinese OFDI is composed 

of both State Owned Enterprises (SOEs) and Privately 

Owned Enterprises (POEs). While SOEs are mainly 

investing in such mega projects as energy and resource 

extraction the POEs are mainly targeted at the manufacturing, 

real estate and construction, as well as service sectors in 

Africa. Also, while the resource-seeking Chinese OFDI flock 

to resource-rich African countries; their market-seeking 

counterparts mainly flow to the African countries which 

have relatively bigger market size (higher GDP per capita). 

Finally there are some policy implications that result from 

our study findings. To begin with, since one of the motives of 

Chinese OFDI flow to Africa is natural resource-seeking, it 

is evident that Africa receives huge sums of money from 

China as a result of natural resource extraction and exporting. 

The receipts from this area should carefully be channeled to 

development projects and improve their (African) economies 

so as to avoid the so called “Dutch Disease” that would lead 

to the paradox that “natural resources are a curse to Africa” 

[52]. The African countries should formulate good policies 

to ensure sustainable natural resource harvesting (both 

exhaustible and non-exhaustible resources) so as to realize 

not only short-term benefits, but rather the long term 

economic benefits to carter for the present and future 

generations.  

Having examined the past Chinese OFDI flow to Africa it 

can be recommended that, the African countries should 

currently continue to attract Chinese FDI since doing so, sets 

a better ground for more Chinese OFDI to flow to these 

countries in future. Apparently, this shall result from, and in 

turn, lead to, agglomeration economies.  

In addition, macroeconomic policies geared at increasing 

economic growth, in terms of GDP per capita, should be 

encouraged. Increase in GDP per capita entails growth of the 

domestic market size, which in turn, attracts market-seeking 

Chinese OFDI flow to these countries.  

Furthermore, African countries should continue to 

construct and improve their infrastructure since doing so 

shall attract Chinese OFDI flow to these countries.  

Presence of physical and service infrastructure facilitates 

foreign direct investment generally. Also, it has been    

found that Chinese OFDI flow to Africa is influenced by   

the ongoing infrastructure projects including railroads, 

telecommunication, airports, sea ports, dams and water 

projects going on in these countries. 

Since most Chinese OFDI is resource-seeking and 

market-seeking, African policy makers should create sound 

policies that shall attract efficiency seeking FDI as well. So 

the African country governments should improve the 

investment climate and formulate good policies that shall 

attract foreign investors. This could be achieved through 

improving infrastructure and institutions (as noted earlier), 

improving education and human resource quality as well as 

creating Special Economic Zones (SEZ). This should go in 

tandem with establishing and managing well the Free Trade 

Zones (FTZ), especially Economic Processing Zones so as to 

encourage export as well as vertical FDI to flow to the 

countries in question. 
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